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Goal of this project

Enabling Computational Social Science on Political Data.

• Diachronic
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Goal of this project

Enabling Computational Social Science on Political Data.

• Diachronic

• Compare political actors

? Parties

? Politicians

? Roles

? Executive Organizations, like

• nation states

• ministeries

http://www.politicalmashup.nl


PoliticalMashup 3

Example: competing for attention

Economy of attention [Huberman et al, CACM 2010]

• Idea: attention = being interrupted during your speech.
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Example: competing for attention

Economy of attention [Huberman et al, CACM 2010]

• Idea: attention = being interrupted during your speech.

• Each person gives and receives attention to and from other

persons.

• Each event is a directed network of persons giving and receiving

attention.

http://www.politicalmashup.nl
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Attention network

http://www.politicalmashup.nl
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Diachronic view on one person

http://xml.politicalmashup.nl/XQueries/debates/
inoutdegree.xq?mpid=02207

http://xml.politicalmashup.nl/XQueries/debates/inoutdegree.xq?mpid=02207
http://xml.politicalmashup.nl/XQueries/debates/inoutdegree.xq?mpid=02207
http://www.politicalmashup.nl
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Compare careers of different politicians
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Compare careers of different politicians

Interruption in- and out-degree of Roemers and Wilders.

http://www.politicalmashup.nl
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Important dimensions for comparison of data

• Time

• Political Actors

• Issues

? E.g., compare PVV and SP on immigration-topic through time.

Requirement:

• all useful data units are uniformly tagged with normalized values

on these dimensions.

http://www.politicalmashup.nl
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Data upside down, or inside out

• Often, scientific analysis asks for a radically different organization

of the data.

• Take DBLP as an example.

http://www.politicalmashup.nl
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From a document centric view

http://www.politicalmashup.nl


PoliticalMashup 10

To an actor centric view

Compare

• Current IvI Director: http://dblp.uni-trier.de/search/
author?author=Deniz+van+Heijnsbergen

• Previous IvI Director: http:
//dblp.uni-trier.de/search/author?author=Peter+Sloot

http://dblp.uni-trier.de/search/author?author=Deniz+van+Heijnsbergen
http://dblp.uni-trier.de/search/author?author=Deniz+van+Heijnsbergen
http://dblp.uni-trier.de/search/author?author=Peter+Sloot
http://dblp.uni-trier.de/search/author?author=Peter+Sloot
http://www.politicalmashup.nl
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New view creates new opportunities

• “Easy” to create a cooperation graph between IvI members.

• Detect existing clusters of people, persons which span different

groups, . . .

http://staff.science.uva.nl/~marx/pub/IvInetwork.png
http://www.politicalmashup.nl
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Creating DBLP sounds easy....

• Just collect all issues of all journals

• Extract the author-article-title (bibtex) information

• Normalize author names, dates, journal names, . . .

• . . .

• keep it up to date

http://www.politicalmashup.nl
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But it is not

when you want to be and remain

• complete

• correct

• up to date

Compare what you need to do to collect your own data for the

annual report . . .

Main Problems:
• scale

• continuous change

• interdependencies

http://www.politicalmashup.nl
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Back to Political data

Similar to DBLP, but we even want more . . .

• from document- to person-centric view

• plus extract structure and content from documents

• plus classify/tag all relevant parts of documents

• also on (really old) legacy data.

http://www.politicalmashup.nl
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Example Structure Extraction

• Rich data model Link to example

• Meeting (1 Day)

• Topic

• Stage direction

• Scene

• Stage direction

• Speech

• Paragraph

http://staff.science.uva.nl/~marx/pub/HAN8168A06.0000.pdf
http://www.politicalmashup.nl
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Same data: different views

• Raw data in PDF

• human readable XML

• Machine readable XML

http://staff.science.uva.nl/~marx/pub/HAN8168A06.0000.pdf
http://xml.politicalmashup.nl/nl/data/HAN1995/h-tk-20062007-5260-5319.xml?view=nl/proceedings&q=islam&docno=h-tk-20062007-5260-5319.1.1#h-tk-20062007-5260-5319.1
http://xml.politicalmashup.nl/nl/data/HAN1995/h-tk-20062007-5260-5319.xml
http://www.politicalmashup.nl
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Applications on legacy data

• Search for documents in which Anne Vondeling speaks.

• Connect named entities to biographical database.

• Connect roles (Chair, Minister of Justice, etc) to persons using

biographical data.

• Main challenge: OCR errors

BlJKEKHOEPINGSUK lij VOOHMIDDAG.

(Link naar Handeling)

http://statengeneraaldigitaal.nl/uitgebreidzoeken?documentType=Kamerverslagen
http://data.politicalmashup.nl/kb/kb_permanent_presentation/nl.191419150000337-proc/nl.191419150000337-proc.annotated.xml
http://www.politicalmashup.nl
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Some technical details

http://www.politicalmashup.nl
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Extract-Transfer-Load [Rahm Do 2000]

Step 1a Data cleanup (encoding issues, OCR-error correction with

TICCL [Reynaert 08])

Step 1b (Optional) Basic structure recognition (with hand crafted

rules) OUTPUT: XML

Step 2 Specify data transformation declaratively in XPath (= First

Order Logic of Trees)

Step 3 Compile to XSLT transformer and transform

http://www.politicalmashup.nl
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Extract-Transfer-Load (continued)

Step 4 Validate data with

• regular tree automata (Relax NG)

• integrity constraints and dependencies (Schematron)

Step 5 Load into combined XML database and search engine

(eXist/Lucene).

http://www.politicalmashup.nl
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Learning Classifiers

• Usual Problem

• little trainings data

• trainings data on wrong aggregation level

• Luck for election manifestos

• Isaac Lipschits manually annotated every paragraph in the

election manifestos between 1977 and 1998 with controlled

vocabulary terms.

• Surjective back of the book index.

• Strongly hyperlinked document. Link to 1998 Volume

• We have scanned these books, will turn them into a hyperlinked

database, and train classifiers.

• TODO: investigate temporal robustness of classifiers.

http://staff.science.uva.nl/~marx/pub/VP_1998.pdf
http://www.politicalmashup.nl
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Summing up

• We turn a collection of text documents into a database.

• Nothing manual.

• Make implicit structure explicit. Classify small textual units.

• Allowing social scientists to perform traditional DB and IR tasks

on semi-structured data

• Search with complex content and structure queries

• Analysis/ Data Cubes

• Data quality management (integrity, consistency)

• Define Views.

http://www.politicalmashup.nl
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Why do all this? What are the gains?

http://www.politicalmashup.nl
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Long term

Become a core component of the linked open government data cloud

[Berners Lee 2009].

• Compare with DBLP.

• Since the beginning a core component of the LOD.

http://www.politicalmashup.nl
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Medium and short term

This very rich data source works well in connecting Computer

Science to

• Foundational CS research

• Humanities and the Social Sciences

• Society

http://www.politicalmashup.nl
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Testbed and Inspiration for Foundational Research

• FP7 STREP Foundations of XML project

• Benchmark and test data

• Document centric data exchange

Neven et al, PODS 2011

NWO EW Open Competition

• Faceted Search Evaluation [INEX 2011]

http://www.politicalmashup.nl


PoliticalMashup 27

Computer Science applied in other sciences

• UvA ASCoR (Humanities) : compare populistic parties in last 20

years in NL, Belgium, Denmark, Sweden (CCCT funded).

• NIOD (Humanities): War in Parliament project (Clarin funded).

• DNPP (Political Science): web and media use of parties and

politicians. Agenda setting research (NWO funded).

http://www.politicalmashup.nl
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Benefits for society

• Improved information access for general public and professionals

through

1. Cooperation with Dutch Parliament

2. Statengeneraaldigitaal.nl (Koninklijke Bibliotheek)

3. Research −→ Media −→ Kamervragen −→ Serious pressure for

improvement.

Op welke wijze gaat u zich inzetten voor volledige, juiste en

digitaal makkelijk toegankelijke informatie uit het parlement?

[P. Heijnen, PvDA 2011-03-04 ]

http://www.politicalmashup.nl
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End

Thanks to

http://www.politicalmashup.nl
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